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, self). init ()
t dropout t(args.hidden dropout prob)
.LayeriNorm = Lay m(args.hidden size, eps=le-12)
.C = args.c // 2 +
.beta = nn.P: ch.randn(1, 1, args.hidden size))

- forward(self, input tensor):

] = input tensor.shape
Pfftklﬂplt ensor, dim=1, norm="

] =@
tt.irfft(low pass, n=seq len, dim=1, norm="q
high pass = input tensor - low pass
sequence emb fft = low pass + (self.beta®**2) * high pass

hidden states = self.out dropout(sequence emb fft)
hidden_states = self.LayerNorm(hidden_states + input_tensor])|

rn hidden states

i N\ :[batch_size,seq_len,hiden_size]
# H :[batch_size,seq_len,hiden_size]



